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Abstract: With the development of virtual reality ( VR) ,the saliency detection for panoramic VR image has been a
hot research topic in both academic and industry worlds. After analyzing the particular characteristics of panoramic VR im-
age, this paper summarizes the research progress of the saliency detection algorithms of panoramic VR image. Existing VR
image saliency detection algorithms are firstly classified, analyzed and compared. Then, the current research challenges and
future directions of VR saliency detection are discussed.
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4.2.3 HERMRERTEL
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